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Text-based language models predict activity in many parts of the Both types of language models show high brain alighment in late
brain while listening, but also surprisingly in sound-specific regions language regions and significantly predict in early sensory regions
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Removal of low-level features results in divergent brain activity
predictions
Research questions Text models’ alignment in early auditory Speech models’ alignment in late language
due to low-level textual features entirely due to low-level stimulus feature

®Why do text-based language models (5 predict early auditory cortices to
an impressive degree?
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®What types of information do language models truly predict in the &B?
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®How is the alignment between brain recordings and language model
representations affected by the elimination of low-level stimulus features?
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What types of information lead to high brain alighment?
Investigate via a perturbation approach [1]
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1 — ® But, more work to do for a complete end-to-end model of reading and listening
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